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CHI : Generalized Linear Models

Plain ① Review linear model

② What assumptions of linear models

are not met w/ categorical response .

③
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linear model to satisfy assumptions .
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Matheyg In :
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Generalized linear models - Response variable has some

= other distribution besides normal
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Normal linear model :
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② Poisson : Y~Pois(µ) → counts

ly = 0,1 , 2,3, - -
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